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3. Complexity: O(D® + NDT)

E(h, g)

1- Frequency domain: O(N D log D)
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(y denotes the DFT of vector y)

Augmented Lagrangian is solved using Alternating Direction Method of Multipliers (ADMM) with a time complexity of

2- Spatial domain: O(D° + N D?)
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circular shift
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1. # of training patches: T'vs. D (1" > D)
2. # of patches affected by circular shift (synthetic): 2=+ vs.
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Augmented Lagrangian

O(|N + K|T'log T') and memory usage of O(T) .

(F: D x D discrete Fourier transform matrix)
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Localization Performance
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Tracking Performance: 100 fps
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